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—ﬁ"F! 7.4%

B\ EFAEREET zs.m ‘

T mam e
B\ EFHRLTT 13.9% /

Value Percent Count Statistics

—{EFE 7.4% I 61 Sum

8RR 49.0% - 404 Average

RA_E/\EFHBR ] 13.9% . 115 StdDev

A\ B AR 29.7% - 245 Max

Total 825

2,194.0
2.7
1.0

4.0
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OQENJEMARING
THE TINY CLUES

THAT UNCOVER HUGE TRENDS

'].hr |’|n\|_'l of llu,‘ llllﬂl.lllilir\

in the Age of the Algorithm

Jamie Holmes MARTIN L'NDSTROM Christian Madsbjerg

Now York Temos Boatseling aaulhor «

Holmes, J. (2015). Nonsense: The Power of Not Knowing (First Edition). New York: Crown Publishers. (I HE)
Lindstrom, M. (2016). Small Data: The Tiny Clues That Uncover Huge Trends. New York City: St. Martin’s Press. {/N\&1E%&A)
Madsbjerg, C. (2017). Sensemaking: The Power of the Humanities in the Age of the Algorithm. New York, NY: Hachette Books.
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Let’s make our exploration DAMN right.




THICK DATA (DAMN) FOR DATA SCIENGCE
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AT B T D BRE BB ( panel
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25. BHIA AR FRAGRAUERIE RS TE |, I —ERFEEAEIE?

MAR—HETR (TRARANR) 17%
\ // MAZ—ETR (FRRER) 47%

MR —EFRERG (FRAE+ 61%) 127%

T MAAWETE (RRARANE vs. SHRER) 165%

MFR—F—6 (FRARANRF®E vs. 4) 84.4% /

Value Percent Count Statistics
MFE—EFE (FEARLNER) 1.7% 14 Sum 3,606.0
MEE—E+E (FERR) 4.7%
MFER—EPEESE (TEXRE + &19) 12.7%

MFEMEFE (FEARLNE vs. FERE) 16.5% 136 Max 5.0

|
|
[
N
mreg—t—a eArsimsmvs. o) oo I 531

39 Average 4.4

105 StdDev 1.0
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19. MEPEY , BRSCAEFNTE ? AR TEAHREBRFTSEEAZNRIR. (FJEE)

AR EH AR 143% || 129
PEREEATHEER 36.1% - 326
4t E P AR RN 328% [ 296
g)aamim Ak, THRGHRRER WRK. B 412% [ 372
LA EE NER w.7% [N 448
MEAAE RS 12.1% [ 109
ASEYRAIPERRABIE as% [ 88
AT YRR A R AR 14.3% 129
2R RABNRE 7.1% 64
thig AR IS EHUBHE T & MR AR 185% [} 168
SEFILT 1 12.3% . 111
FEHREEEARR 49.9% - 450
Hftb 0.2% 2

Total 902 @
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RS w0 | 441
PEARLNRGE—2+PER 23.5% - 212
R — 2P 108% N 97
g ARANRMAFERE 254% [ 229
o ABFT RS sa% | 76
ch RIS 79% 71
AR HRE 7.0% I 63
E—EmH T, aEEGHA 164% | 148
WALBF 11.0% 99
LRHARLE 265% [N 239
At 1.9% | 17
Total
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Data with multiple
variables

PCA: Principal Number of
Component Analysis variables?
variables
(M)CA: (Multiple)
Correspondence
Analysis

R packages for the
analyses: FactoMineR
(PCA, CA, MCA); ade4

Use factoextra to
easily extract and

((I;gg,) 'Cc}:' (hég?)hsigts’ visualize the results
(CA)
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= Taiwan Election and Democracy Studies 2016
=Data Collection Period: 2017.1.17 ~ 4.28
=N=1,690

=$$%$: > NTD 1,000,000
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load("teds2016e.rda")
teds2016eforMCA <- select(teds20@l6e,
c(# 2L B¥ (core vars)
Alr, # HEEMBEE=1; otherwise=0

Bir, # HHEAH B ®#i=1; otherwise=0

Dir, # REBHBF LB EE 1=1; otherwise=0

D3r, # WE B A XEH=1; otherwise=0

D2r, # REBBAAMAERANEIE=1; otherwise=0

Ddr, # REBRENRAREAXZHFREEHN=1; otherwise=0
DSr, # BB B EREM E=1; otherwise=0

Dor, # REBFEBTEE 2 HF%=1; otherwise=0

D7r, # RS EHCHRM B&=1; otherwise=0

E3r, # R AZHEBEAYETEMN=1; otherwise=0

E4r, # REBRAAVCHHEAERNEERM H=1; otherwise=0
ESr, # EMNEBEREEHAE A=1; otherwise=0

E6r, # EERNEMZ B AREMIEBA AYRKM=1; otherwise=0
E7r, # B AR EFHAEESNFIE=1; otherwise=0

Glr, # RS BRE TR ERITF=1; 8=2; B¥==3
Gr, # RBAXRR—FEREEETRTF=1; a8=2; FR==3
Hir, # R Z 2@ ® {T=1; otherwise=0

H3, # EXTHEAREMBEBNB#E=1; otherwise=0

H5r, # ERERES BN E X=1; otherwise=0

Hor, # ERB/ET AN BT R=1; otherwise=0

Pl, # B3R RE-28A=1; $2=2; FEHA=3

P2r, # MEMEERAE=2; F8=1; BE#H-=3

Q2r, # 119 8R : RHEEXHEEFE(=6); otherwise=0
Q2ar, # 119 8R : REEERHEF IFH(G=6); otherwise=0
partisanship # Eﬂﬁ(%)lﬂlﬁﬁkl; otherwise=0

D)
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# MCAD #f

library(FactoMineR)

library(factoextra)

names(teds2@16eforMCA.nona)

res<-MCA(teds2016eforMCA.nona, ncp=1@, graph= F) #ncp 101E & 2%
fviz_screeplot(res, ncp=10) + labs(title="")

Dimensions



Dim 2 (8.88%)
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Dim2 (8.9%)
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WHEN “DEMOCRACY” IS EMPHASIZED BY A POLITICAL PARTY...

Is it possible that the
supporters of the
opposing political party
feel less passionate to
democracy?




Isn’t it too quick to signal and
criticize that KMT supporters
are not passionate for
democracy?

Can'’t the value of their belief
system, “trust in the
government and political
actors,”’ be as well important
for a functioning democratic
socliety?
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« BTG MCARLITHIZEME ( rotation,
multidimentional scaling, etc.)
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= Blasius, J., & Greenacre, M. (Eds.). (2014). Visualization and
Verbalization of Data. CRC Press.

= Husson, F,, Le, S., & Pages, J. (2010). Exploratory Multivariate
Analysis by Example Using R (1 edition). CRC Press.

= Pagés, ]. (2014). Multiple Factor Analysis by Example Using R (1
edition). Boca Raton: Chapman and Hall/CRC.

= Pasek, J.,Jang, S. M., Cobb, C. L., Dennis, J. M., & Disogra, C.
(2014). Can marketing data aid survey research? Examining
accuracy and completeness in consumer-file data. Public
Opinion Quarterly, 78(4), 889-916.

= Roux, B. L., & Rouanet, H. (2009). Multiple Correspondence
Analysis. SAGE Publications.
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= Blackburn, S. (2012). What Do We Really Know? The Big Questions in
Philosophy. London: Quercus.

= Cohen, L. H. (2013). I don’t know: In Praise of Admitting Ignorance.
New York: Riverhead Books.

= Holmes, J. (2015). Nonsense: The Power of Not Knowing (First
Edition). New York: Crown Publishers.
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the Age of the Algorithm. New York, NY: Hachette Books.
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