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Over the past decades, we see a trend that social scientists adopt the experiment approach to study 

our social and political world. Particularly, agent-based modelling (ABM) is employed as a tool for 

“thought experiment” because theorists usually (1) fall short of empirical data to contrast with 

experiment results and (2) are more interested in solving theoretical puzzles than empirical puzzles. 

Applications of ABM in the social sciences, therefore, are commonly centered on issues that do not 

require a serious empirical validation process, at least compared to empirical data. Consequently, 

current application of ABM in social sciences (except the field of business management) has not 

reached the stage of sound validation and verification (V&V). To take a further step out of this 

situation, we suggest that researchers adopting computer-based approach conduct sensitivity test of 

their models. This step at least ensures that simulation results are robust and trust worthy. Few 

scholars in this field, however, are aware of the utility of grid and cloud computing that can advance 

the application of ABM. This paper is devoted to bridge the two sides (grid computing and political 

science) by, first, describing how grid and cloud computing may help the design of an agent-based 

model. Second, we will present an example of (re)constructing the SRAS model of political 
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preference formation—an agent-based model based on John Zaller’s (1992) Receive-Accept-Sample 

theory, and put it into a sensitivity test with the power of grid computing. 
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Appendix III: Simulation Results 

 

TP MP Average of Results Stdard Error 

0.0  0.0  0.499223214  0.011284386 

0.0  0.1  0.499223214  0.011284386 

0.0  0.2  0.499223214  0.011284386 

0.0  0.3  0.499223214  0.011284386 

0.0  0.4  0.499223214  0.011284386 

0.0  0.5  0.499223214  0.011284386 

0.0  0.6  0.499223214  0.011284386 

0.0  0.7  0.499223214  0.011284386 

0.0  0.8  0.499223214  0.011284386 

0.0  0.9  0.499223214  0.011284386 

0.0  1.0  0.499223214  0.011284386 

0.1  0.0  0.499098214  0.012780209 

0.1  0.1  0.499035714  0.011835454 

0.1  0.2  0.499142857  0.011615038 

0.1  0.3  0.499160714  0.011588548 

0.1  0.4  0.499187500  0.011501984 

0.1  0.5  0.499330357  0.011366806 

0.1  0.6  0.499276786  0.011278464 

0.1  0.7  0.499232143  0.011290272 

0.1  0.8  0.499223214  0.011284386 

0.1  0.9  0.499223214  0.011284386 

0.1  1.0  0.499223214  0.011284386 

0.2  0.0  0.497955357  0.017201097 

0.2  0.1  0.498901786  0.014476616 

0.2  0.2  0.499723214  0.012323315 

0.2  0.3  0.499366071  0.011666744 

0.2  0.4  0.499142857  0.011615038 

0.2  0.5  0.499142857  0.011615038 

0.2  0.6  0.498982143  0.011453064 

0.2  0.7  0.499169643  0.011378952 

0.2  0.8  0.499214286  0.011256885 

0.2  0.9  0.499223214  0.011284386 

0.2  1.0  0.499223214  0.011284386 

0.3  0.0  0.500741071  0.030074314 

0.3  0.1  0.497571429  0.020458829 

0.3  0.2  0.498812500  0.015454743 
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0.3  0.3  0.498678571  0.012922017 

0.3  0.4  0.499160714  0.011796741 

0.3  0.5  0.499187500  0.011670556 

0.3  0.6  0.499142857  0.011615038 

0.3  0.7  0.499214286  0.011455296 

0.3  0.8  0.499196429  0.011271689 

0.3  0.9  0.499223214  0.011284386 

0.3  1.0  0.499223214  0.011284386 

0.4  0.0  0.508071429  0.063364201 

0.4  0.1  0.501910714  0.038583367 

0.4  0.2  0.499857143  0.023732634 

0.4  0.3  0.499133929  0.016740538 

0.4  0.4  0.499125000  0.014096186 

0.4  0.5  0.499312500  0.012202135 

0.4  0.6  0.499071429  0.01177073 

0.4  0.7  0.499142857  0.011647162 

0.4  0.8  0.499214286  0.011389874 

0.4  0.9  0.499214286  0.011276983 

0.4  1.0  0.499223214  0.011284386 

0.5  0.0  0.496214286  0.125926408 

0.5  0.1  0.500776786  0.08035477 

0.5  0.2  0.498723214  0.046404515 

0.5  0.3  0.498991071  0.029340249 

0.5  0.4  0.498535714  0.016917681 

0.5  0.5  0.498785714  0.013977809 

0.5  0.6  0.499892857  0.01230876 

0.5  0.7  0.499133929  0.011606808 

0.5  0.8  0.499125000  0.011617098 

0.5  0.9  0.499214286  0.011303058 

0.5  1.0  0.499223214  0.011284386 

0.6  0.0  0.489258929  0.190544376 

0.6  0.1  0.509758929  0.145223282 

0.6  0.2  0.506473214  0.08089555 

0.6  0.3  0.507696429  0.043951599 

0.6  0.4  0.499303571  0.023830561 

0.6  0.5  0.498892857  0.015846857 

0.6  0.6  0.499107143  0.012529662 

0.6  0.7  0.499089286  0.011706076 
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0.6  0.8  0.499142857  0.011616987 

0.6  0.9  0.499258929  0.011323378 

0.6  1.0  0.499223214  0.011284386 

0.7  0.0  0.486044643  0.234281823 

0.7  0.1  0.496705357  0.208533823 

0.7  0.2  0.501705357  0.148949253 

0.7  0.3  0.506526786  0.071581247 

0.7  0.4  0.501535714  0.039510376 

0.7  0.5  0.498660714  0.021593632 

0.7  0.6  0.499571429  0.01395213 

0.7  0.7  0.499401786  0.011486265 

0.7  0.8  0.499151786  0.011613997 

0.7  0.9  0.499312500  0.011271693 

0.7  1.0  0.499223214  0.011284386 

0.8  0.0  0.494919643  0.281238646 

0.8  0.1  0.512107143  0.21440256 

0.8  0.2  0.517383929  0.172139546 

0.8  0.3  0.498767857  0.114629205 

0.8  0.4  0.496892857  0.06283605 

0.8  0.5  0.498642857  0.02849564 

0.8  0.6  0.498178571  0.016654233 

0.8  0.7  0.499758929  0.012447941 

0.8  0.8  0.499142857  0.011615038 

0.8  0.9  0.499080357  0.011393867 

0.8  1.0  0.499223214  0.011284386 

0.9  0.0  0.529910714  0.294784109 

0.9  0.1  0.590017857  0.24446625 

0.9  0.2  0.533535714  0.204905004 

0.9  0.3  0.481553571  0.15114605 

0.9  0.4  0.520544643  0.096187157 

0.9  0.5  0.503312500  0.037169033 

0.9  0.6  0.497187500  0.018212013 

0.9  0.7  0.499321429  0.013232925 

0.9  0.8  0.499080357  0.011566463 

0.9  0.9  0.499044643  0.011406282 

0.9  1.0  0.499223214  0.011284386 

1.0  0.0  0.508473214  0.303613254 

1.0  0.1  0.503089286  0.249870254 
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1.0  0.2  0.536723214  0.219271465 

1.0  0.3  0.491723214  0.207083774 

1.0  0.4  0.487892857  0.123615346 

1.0  0.5  0.503151786  0.058881813 

1.0  0.6  0.500232143  0.022971403 

1.0  0.7  0.498857143  0.014840628 

1.0  0.8  0.499142857  0.011702925 

1.0  0.9  0.499062500  0.011566967 

1.0  1.0  0.499223214  0.011284386 

 


